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Forecasting DSE Index Returns Using Gradient Boosting
Models
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Abstract
The aim of this research is to predict DSE index returns using gradient boosting
models, namely the Gradient Boosting model and the Extreme Gradient
Boosting model during the period from6/1/2019 t05/12/2024.To achieve
this,the holding period return was calculated and the features of both models
using the previous values of index returns and technical indicators.After data
cleaning the data was divided into training and test sets.the study reached a set
of results,the most important of which are:1-both gradient boosting and
extreme gradient boosting can be used to predict the returns of the DSE index
as represented by low values of the indicators measuring prediction accuracy.2-
the importances of features differs between models.3-the two models achieve
similar performance
keyWords: Forecasting, Gradient Boosting, XGboost, Stock Index.
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