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Study and design of a prediction system for an alternative
energy system based on machine learning techniques in
Homs governorate

Dr .BASSIM OUMRAN
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Abstract
Predicting the future behavior of alternative energy plants is
one of the most important challenges facing the adoption of
this strategy, as alternative energy generation systems based on
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solar panels are considered the most prevalent in the Syrian
society in the current conditions, which in turn depend mainly
on climate variables that are not taken into account in the
systems Forecasting. This research aims to design a future
prediction system for an alternative energy generation system
based on solar panel technology using machine learning
techniques. The deep neural network (DNN) model was used
to predict the power output of a real alternative power plant
located in Homs Governorate. In this research, a deep neural
network was designed and implemented using three databases,
the first database is a global database located on the kaggle
platform and was used to train the deep neural network, the
second database is also a global database located on the same
platform, and the third database is It is a database collected
from the job site and used to verify the accuracy of the
designed model and test the system. The results show that it is
possible to rely on climate variables, system output and
machine learning techniques to predict the future outputs of an
alternative energy system based on solar panels with an error
of less than 8%.

Keywords
Alternative energy systems, solar panels, machine learning
techniques, deep neural networks, climate variables.
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