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Analysis Systems of Real-time Big data
generated by the Internet of Things

Abstract

With the development of the world of communications and the
spread of high-speed networks, phones and smart devices, the
term Internet of Things (loT) appeared on the horizon, and the
data it produces, and its importance increased, especially after the
amount of data increased significantly and became worthy of
being called Big Data. Studies that seek to benefit from loT data for
development purposes have spread in various fields, and thus the
need for frameworks that combine big data technologies and loT
services has emerged.

One of the challenges of dealing with Internet of Things data is
that it is characterized by rapid flow and the need to collect and
process it quickly in real time, so it was necessary to study the
most important frameworks for big data appropriate to process it.

Hadoop and Spark systems were compared in this research to
choose the most suitable for loT data, which provides its
requirements of flow, rapid analysis and ease of use. The

superiority of the Spark framework was found, especially in its
ability to provide the possibility of analyzing real-time data

Keywords: Internet of things IOT — big data — Hadoop — spark
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