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Fabric Fault Detection using Image Processing

Dr. Ammar Ali Zakzouk
Professor in Automatic Control and Computers Engineering Department
Mechanical and Electrical Engineering Faculty
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Abstract

The field of textiles is one of the major business all over the world. The
price of the product and its competitiveness is directly related to the
quality of the product. Only good quality products can survive the fierce
competition in the market. But fabric defects are the most important
weaknesses in this field, as they lead to poor product quality and also
affect the economic growth of the industry. Tissue examination is very
important, but the old methods used to detect errors such as human visual
inspection are cumbersome and time-consuming, so to reduce time and
pressure and increase productivity, it was proposed in this study to use an
automatic mechanism to detect these defects. It is implemented via a user
interface prepared using MATLAB software. The defect classification
approach is based on the Gray Level Co-occurrence Matrix (GLCM) and
the classification is done using a convolutional neural network. The
network was trained and tested on 300 images taken from the database
CALTECH_101 in order to discover two common types of texture errors:
HOLE and LINE. The results showed that the defects were classified with
an accuracy rate of (0.83%).

Key-words: Images Processing — Fabric Fault Detection — Convolution
Neural Networks.
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