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Improve Detection Of Slow Dos Attacks

Using Systolic Arrays

Abstract

The growing popularity of the Internet offers many network-
enabled services that the user can access. However, the
attackers try to deprive the user of these vital services
through DoS (Denial of Service) attacks. Dealing with a DoS
attack targeting the application layer with a slow rate of traffic

is one of the main challenges that service providers face now.

In this paper, a deep classification model using flow data and
systolic matrices is proposed to detect a slow DoS attack on
HTTP. The classifier was evaluated using the CICIDS2017
dataset. The obtained results showed that the classifier could

obtain an accuracy of 99.9952%.

Keywords: slow denial of service, data flow, systolic

matrices, deep learning.
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