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Abstract

Digestive ulcer disease is a serious medical problem. Ulcers can develop
in the esophagus, stomach and duodenum. Patients with peptic ulcer
disease may have a range of symptoms ranging from a mild sensation of
abdominal discomfort to serious perforation and bleeding. One of the
most important diagnostic methods for gastric ulcers is the traditional
two-stage endoscopy using modern catheters and smart caps. There is
high competition between companies in improving the quality and rate of
image capture within the digestive system using capsules. One of the

most important challenges is the ability to process images effectively. In

this research, the concept of gastric ulcer has been identified, and an

image processing algorithm has been introduced that aims to detect
ulcers inside the images and isolate them and determine their status by
extracting some features from the images, after which these features are
inserted into a neuronal network that was previously trained on a large
number of discovered properties of a database Contains 300 pictures of
gastric ulcers, varied between a healthy condition and the presence of an
ulcer as well as bleeding. The results showed AC accuracy, SP
identification at 98% and SE sensitivity at 99%.
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