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Using TSHD Algorithm and Deep
Learning for Textual Information
Extraction (case study: Resumes)

Eng. Majd Tannous' Dr. Mohanad Rajab® Dr. Wassim Ramadan®

Abstract

Textual information extraction is an important task of natural
language processing, due to its prominent role in processing
unstructured textual data to extract useful information and structure it,
thus enabling computer processing and analysis. Extractive question
answering models are one of the modern information extraction
techniques that have demonstrated their effectiveness.

This research presents a novel approach to enhance information
extraction models using TSHD segmentation algorithm. The algorithm is
applied to extract the contents of document segments and their topics.
Information extraction is then performed using models focused on
individual segments rather than the entire document.

The proposed method achieves an improvement in the evaluation
results of various information extraction models on squad 1.1 data set in
the resume domain. The exact match metric is increased by 7.4%, and

F1 score is increased by 7.8%.

Keywords: Natural Language Processing, Deep Learning, Textual

Information Extraction, Transformer models, Topic Segmentation.
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