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Epilepsy Seizures Detection from EEG
Signals Using LPC and LS-SVM

Dr. Oulfat Jolaha*
Eng. Zeinab Dadaa**

Abstract

According to World Health Organization (WHO), epilepsy is one of the
most common primary diseases of the central nervous system, which
characterizes by epileptic seizures. Thus, the ability to automatically
detecting epileptic seizure leading to fast medical assistance. In this
research, LPC (Linear Predictive Coding) was used for features extraction
of epileptic seizures in EEG (Electroencephalography) signals. Then these
features were classified using Least Square-Support Vector Machine (LS-
SVM) classifier to detect epilepsy seizure. MATLAB was used for
modeling the proposed system, results showed a noticeable improvement
in detection epilepsy seizures compared with previous studies.

Keywords: Epileptic seizures Detection, LPC, LS- SVM Classifier.
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F+N+S+Z+0 98.66% 98.66% 98% FB=2 EN=2

AR clahl a7l £ pall Cilygs S Al o laf el A5l (3) Jsaad)

Al a3, XY dbal) Al
2] - 98% 80%
[3] - 97.07% 97%
[8] 90% 100% 83.3%

SVM: 97.6%
KNN: 97%
[6] - -
DT: 97.6%
ANN: 97.4%
[4] 88.67% 90% 95%
[7] 93.5% - -
(8] 93.6% - -
Lulyl)
98.66% 98.66% 98%
Al

clatiins) -5

Aasinls 4l sagy pya s 3say wiS) EEG @bl Gilew paddinl (g
Jsand) (el 1S-SVM Ciiaa alasinly 8 dayall o LPC i) g5l Sua il
desis 98.66% Auwiy dpulusy 98.66% Aawhy grall gl (aiS A6 e
IS i il Gl 58 Ll U il 3 EEG clie e 98% i
AR ) e Al gl Ay

Sla yi8al) g clua gil) -6

&) 30 Jé Lla dass Al Pre-letal Alsd s caneall Bilul) Caiiaall Jhasd
Interlctal il Al @lily 32 @ adinly clldy g pall 4gt Bl e 488 60
Al aliby 32e B 860 axe Jla 8 ey e cpiie pa g G Sasd Al
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