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Abstract

Processing Arabic text automatically is a complex task due to the language's
unique morphological and syntactic characteristics, such as agglutination
and flexible word order, especially in unvowelized texts.

In this research, we propose a linguistic system based on an advanced
linguistic model capable of deeply understanding linguistic context,
contributing to the accurate extraction of 13 syntactic and morphological
fields. The system relies on a multi-headed architecture that enables the
simultaneous analysis of multiple linguistic features. The system
demonstrated high performance and remarkable stability when tested on a
dedicated dataset, outperforming several state-of-the-art linguistic models.
These results reflect the effectiveness of the proposed model in supporting
Arabic language processing applications such as translation and error
correction.

Keywords: AraBERT v2, Transformers, Arabic sentence parsing,
Morphological analysis, Syntactic analysis
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