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Recognition of the Arabic Words using

recurrent convolutional neural networks

Abstract
Recognition of the Arabic words in the image is one of the important issues in
computer vision for its usefulness in automation applications and image analysis,
and it is one of the difficult issues due to the difference in Arabic fonts, word length
and the variety of letter shapes according to their position in the word, in this
article we will present a neural network architecture to solve this issue and we will
separate each part of this architecture and its role in the recognition process, and
we will present some examples of applying this architecture to a number of images

that contain Arabic words

Keywords:
Computer Vision—Arabic Word Recognition—Deep Learning—Convolutional Neural

Network — Recurrent Neural Network — Temporal Classification Connectionist
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